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1
EDGE DETECTION USING MULTIPLE
COLOR CHANNELS

FIELD OF THE DISCLOSURE

This disclosure relates generally to digital analysis of color
images, and more specifically to techniques for detecting
edges in a color image by analyzing variations in multiple
color channels which are used to characterize the image.

BACKGROUND

A wide variety of software tools have been developed to
facilitate the process of manipulating digital data. For
example, digital image editing software applications such as
Adobe® Photoshop® (Adobe Systems Incorporated, San
Jose, Calif.) allow users to adjust, modify, and otherwise
manipulate digital images. Such applications generally allow
auser to make global manipulations to an entire image as well
as localized manipulations that affect only a selected portion
of'animage. Localized manipulations are useful, for example,
if a user wishes to adjust the brightness of a person’s face or
change the color hue of a flower without altering the remain-
der of the image. Localized manipulations also enable a user
to copy and/or extract a selected portion of an image. In
general, making a localized manipulation can be understood
as comprising a two-step process of first selecting a portion of
the image that is to be manipulated and then applying the
desired manipulation to that selection. Selecting the portion
of the image that is to be manipulated generally involves
detecting a boundary or “edge” that separates the selected
region of the image from the unselected region. In some cases
the edge can be defined based entirely on user input, for
example by a user drawing a boundary using a mouse or other
pointing device. But more often the edge detection process is
partially or fully automated using digital image processing
techniques. Automating the edge detection process can
improve its efficiency and accuracy, which in turn facilitates
the creation of a selection mask that more precisely defines
the localized portion of the image which is to be copied,
extracted, or otherwise manipulated. Once the selection mask
is defined, the desired operation can be applied on a localized
basis.

BRIEF DESCRIPTION OF THE DRAWINGS

The patent or application file contains at least one drawing
executed in color. Copies of this patent or patent application
publication with color drawing(s) will be provided by the
Office upon request and payment of the necessary fee.

FIG. 1 is a block diagram schematically illustrating
selected components of an example computer system that can
be used to detect edges in a color image by analyzing varia-
tions in multiple color channels which are used to character-
ize the image.

FIG. 2 is a data flow diagram schematically illustrating
data flows in an example image manipulation technique that
includes detecting edges in a color image by analyzing varia-
tions in multiple color channels which are used to character-
ize the image.

FIG. 3 is a flowchart schematically illustrating an example
of an edge detection method that includes analyzing varia-
tions in multiple color channels which are used to character-
ize a digital image.

FIG. 4 is a flowchart schematically illustrating an example
technique for locating a detected edge based on a three-
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dimensional color vector that is used to characterize the col-
ors that comprise a source image.

FIG. 5 is a schematic illustration of a detected edge having
a region of increasing o, on one side of the edge, a region of
decreasing o, on the opposite side of the edge, and a point of
maximum o, occurring at the detected edge.

FIG. 6A is an example source image having edges which
can be detected using certain of the embodiments disclosed
herein.

FIG. 6B illustrates detected edges in the source image of
FIG. 6A using an existing edge detection process that relies
on a greyscale color conversion.

FIG. 6C illustrates detected edges in the source image of
FIG. 6A using an example image manipulation technique that
analyzes variations in multiple color channels which are used
to characterize the image.

DETAILED DESCRIPTION

Edge detection is an important aspect of some of the most
popular features associated with digital image editing soft-
ware. For example, consumers often use digital image editing
software to manipulate images on a localized basis, with edge
detection techniques being used to define the localization. In
addition, many of the visual effects that can be applied using
digital image editing software manipulate the appearance of
detected edges in an image. Accurate edge detection is there-
fore important when working with such visual effects,
examples of which include smoothing, blurring, diffusing,
and sharpening effects. However, despite their importance,
the edge detection tools provided by existing software often
fall short of consumer expectations. Many existing automated
edge detection techniques rely on characterizing an image in
terms of an edge snapping vector field that is defined by
computing, at each pixel, a gradient of a greyscale version of
acolor image. To use full color information one may compute
a direction of maximum color difference and a magnitude of
color difference in that direction. However, because color is
generally defined in terms of three or more color channels,
determining the maximum color difference, and thus defining
the edge snapping vector field, is not straightforward. Exist-
ing solutions avoid this complexity by first converting the
color image to a grayscale image from which the edge snap-
ping vector field is more easily defined. While this simplifies
the process of determining the maximum color difference at a
given pixel, it unfortunately causes certain edges to weaken
significantly, or worse, to disappear altogether. This is par-
ticularly likely to occur at interfaces between visually differ-
ent colors that appear similar or identical when represented in
greyscale. Thus edge detection techniques which use grey-
scale conversion often have a difficult time reliably detecting
edges that separate adjoining regions of different color,
despite the fact that such regions may seem clearly distin-
guishable to the human eye. The result is a failure to detect
edges in the processed image accurately and reliably, which
in turn represents a substantial obstacle to satisfying con-
sumer demand.

Thus, and in accordance with certain of the embodiments
disclosed herein, techniques are provided for detecting edges
in a color image by analyzing variations in multiple color
channels which are used to characterize the image. No grey-
scale conversion is performed, thereby preserving color dif-
ferences which might otherwise be lost in such a conversion.
Instead, gradients in multiple color channels are merged to
compute a single edge snapping vector field from which edge
locations can be derived. Furthermore, by retaining the mul-
tidimensional characterization of the colors that comprise the
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processed image, a maximum color difference can be calcu-
lated using parameters which more closely correspond to
human perceptions of color. For example, in one embodiment
maximum color difference is formulated using the LUV color
model defined by the International Commission on [1lumina-
tion (CIE) in 1976. In another embodiment maximum color
difference is formulated using a red-green-blue (RGB) color
model. Other multidimensional color models can be used in
other embodiments. Regardless of the particular model used
to represent the colors comprising a source image, the Euclid-
ian distance between two pixels characterized using a multi-
dimensional color model will more closely approximate a
perceived visual color difference between the pixels, as com-
pared to the Euclidian distance between the same two pixels
characterized using a greyscale color model. An edge snap-
ping vector field is derived from these FEuclidian distances,
thereby providing a more accurate basis for subsequent edge
detection. The result is a robust automated edge detection
methodology that is able to more accurately detect interfaces
between different color fields, even where such color fields
have a similar appearance when rendered in greyscale.
Numerous configurations and variations of such embodi-
ments will be apparent in light of this disclosure.

The edge detection techniques disclosed herein can be
applied globally to detect edges over an entire source image,
or selectively to detect edges in a sub-region of the source
image. For example, in one implementation an edge detection
cursor can be moved over an image, such that edges are
detected in the region over which the cursor passes. A visual
effect is optionally applied to the detected edges, thus
enabling the edge detection cursor to selectively apply an
imaging effect to an arbitrarily-shaped, user-designated por-
tion of the image. An edge detection cursor that provides
more accurate edge detection within a narrowly-focused
region defined by the user can be particularly useful in appli-
cations where a user seeks automated assistance in drawing a
boundary in the source image.

As used herein, the term “color” refers, in addition to its
ordinary meaning, to a characteristic of light that can be
parametrically defined according to a variety of different
multidimensional color models. For example, the aforemen-
tioned RGB color model can be used to define a color based
on three values (r, g, b) that correspond to the relative contri-
butions of red, green, and blue light, respectively, that are
used to form the color. The RGB color model is useful for the
sensing, representation, and display of color in electronic
systems, but the (r, g, b) values are often non-intuitive in terms
of establishing meaningful relationships between the visual
appearance of different colors as perceived by the human eye.
For example, a dark brown color can be represented by (r, g,
b) values (44, 29, 7), while a similar but lighter cream color
can be represented by (r, g, b) values (221, 207, 187). The
large difference in the (r, g, b) parameters used to represent
these two colors belies the fact that they appear as darker and
lighter shades of the same color. Therefore, other color mod-
els which provide more meaningful relationships between
colors are often used in the context of color selection.
Examples of such color models include the aforementioned
LUV color model, a hue-saturation-brightness (HSB) color
model, and a hue-saturation-luminosity (HSL) color model.
These color models rely on parameters such as hue, bright-
ness, saturation, and luminosity. Black and white are included
within the definition of the word “color”, as defined and used
herein.

As used herein, the term “greyscale” refers, in addition to
its ordinary meaning, to a representation of the visual appear-
ance of a picture element, such as a pixel that forms part of a
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digital image. A greyscale representation carries only inten-
sity information, and thus represents color as a range of
shades of gray, varying from black at the weakest intensity to
white at the strongest. A greyscale representation of visual
appearance of a pixel can therefore be understood as a unidi-
mensional representation of intensity only, as contrasted with
amultidimensional representation of multiple color channels,
such as hue, saturation, and brightness. Color images can be
converted to greyscale by weighting the different color chan-
nels in a particular way and then combining the weighted
channels into a single normalized greyscale intensity. Appro-
priate weighting of the color channels can effectively repre-
sent the visual effect of black and white photography. In
computing applications, image pixels are commonly stored
with eight binary digits per pixel, which allows a single eight-
digit byte to represent one of 25=256 different shades of gray.

As used herein, the term “edge snapping vector field”
refers, in addition to its ordinary meaning, to a vector field
corresponding to a pixel array, such as a pixel array that forms
a digital image, wherein a direction of maximum color dif-
ference and a magnitude of color difference in that direction
are calculated for each pixel in the array. An edge snapping
vector field can therefore be understood as a representation of
both the direction and magnitude of change in color intensity
in an image. This change will be greatest at color interfaces,
with the magnitude of change being indicative of edge
strength. For example, interfaces between visually distinct
colors will correspond to a relatively larger magnitude of
color change, which in turn represents a strong edge. Like-
wise, interfaces between visually similar colors will corre-
spond to a relatively smaller magnitude to color change,
which in turn represents a weak edge. The edge snapping
vector field will point towards a detected edge from either side
of the edge. When applied globally over a digital image, the
edge snapping vector field may also be referred to as an
“image gradient”.

System Architecture

FIG. 1 is a block diagram schematically illustrating
selected components of an example of a computer system 100
that can be used to detect edges in a color image by analyzing
variations in multiple color channels which are used to char-
acterize the image. Computer system 100 may comprise, for
example, one or more devices selected from a desktop com-
puter, a laptop computer, a workstation, a tablet computer, a
smartphone, a handheld computer, a set-top box, an enter-
prise class server, or any other such computing device. A
combination of different devices may be used in certain
embodiments. In the illustrated embodiment, computer sys-
tem 100 includes, among other things, a processor 110, a
memory 120, an operating system 140, a communication
module 150, an application user interface 160, and a local
image repository 170. As can be further seen, a bus and/or
interconnect 180 is also provided to allow for inter- and
intra-device communications using, for example communi-
cation module 150.

Depending on the particular type of device used for imple-
mentation, computer system 100 is optionally coupled to or
otherwise implemented in conjunction with one or more
peripheral hardware components 500. Examples of periph-
eral hardware components 500 include a display 510, a tex-
tual input device 520 (such as a keyboard), and a pointer-
based input device 530 (such as a mouse). One or more other
input/output devices, such as a touch sensitive display, a
speaker, a printer, or a microphone, can be used in other
embodiments. For example, in a particular alternative
embodiment wherein computer system 100 is implemented in
the form of a tablet computer, functionality associated with
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the particular peripheral hardware components 500 illus-
trated in FIG. 1 is provided instead by a touch sensitive
surface that forms part of the tablet computer. In general,
computer system 100 may be coupled to a network 300 to
allow for communications with other computing devices or
resources, such as networked image processing services 800
and/or a networked image repository 900. Other components
and functionality not reflected in the schematic block diagram
of FIG. 1 will be apparent in light of this disclosure, and thus
it will be appreciated that other embodiments are not limited
to any particular hardware configuration.

Processor 110 can be any suitable processor, and may
include one or more coprocessors or controllers, such as an
audio processor or a graphics processing unit, to assist in
control and processing operations associated with computer
system 100. Memory 120 can be implemented using any
suitable type of digital storage, such as one or more of a disc
drive, a universal serial bus (USB) drive, flash memory, and/
or random access memory (RAM). Operating system 140
may comprise any suitable operating system, such as Google
Android (Google Inc., Mountain View, Calif.), Microsoft
Windows (Microsoft Corp., Redmond, Wash.), or Apple OS
X (Apple Inc., Cupertino, Calif.). As will be appreciated in
light of this disclosure, the techniques provided herein can be
implemented without regard to the particular operating sys-
tem provided in conjunction with computer system 100, and
therefore may also be implemented using any suitable exist-
ing or subsequently-developed platform. Communication
module 150 can be any appropriate network chip or chipset
which allows for wired and/or wireless connection to other
components of computer system 100, and/or to network 300,
thereby enabling computer system 100 to communicate with
other local and/or remote computer systems, servers, and
resources.

Application user interface 160 is configured to provide a
user interface that is capable of providing information to, and
receiving information from, a user of computer system 100.
The provided user interface can be implemented using, or
otherwise used in conjunction with, peripheral hardware
components 500. In certain embodiments application user
interface 160 is installed local to computer system 100, as
shown in the example embodiment of FIG. 1. However, in
alternative embodiments computer system 100 is imple-
mented in a client-server environment wherein at least some
portion of application user interface 160 is provided to com-
puter system 100 using an applet, such as a JavaScript applet,
or other downloadable module. Such a remotely-provisioned
module can be provided in real-time in response to a request
from computer system 100 for access to a server having
resources that are of interest to the user of computer system
100. Examples of such resources include networked image
processing services 800 and/or networked image repository
900, the latter of which may include images or other digital
content that the user wishes to manipulate. The server, if
applicable, may be local to network 300 or may be remotely
coupled to network 300 by one or more other networks or
communication channels. In any such standalone or net-
worked computing scenarios, application user interface 160
can be implemented with any suitable combination of tech-
nologies that allow a user to interact with computer system
100. In one particular example embodiment, application user
interface 160 is provided by an digital image editing software
application such as Adobe® Photoshop®.

In certain embodiments application user interface 160
includes a user interface sub-module 162 configured to
receive user input that identifies a source image and an edge
detection operation to be applied to the image. In certain
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implementations the edge detection operation consists essen-
tially of edge detection, and returns an image comprising (or
other information regarding) the detected edges. However in
other embodiments the edge detection operation includes
further image modification, such as application of an imaging
effect to the detected edges. In still other embodiments the
edge detection operation forms part of a larger worktlow that
involves manipulating a localized portion of a larger image,
wherein the localized portion is defined by the detected edges.
Thus, in addition to receiving user input, user interface sub-
module 162 can also be configured to display a modified
image, such as a modified version of a source image wherein
an imaging effect has been applied or wherein edges have
been indicated visually. The edge detection operation can be
applied globally to the entire source image or locally to a
smaller portion of the source image. For example, in one
implementation the user interface sub-module 162 is config-
ured to provide an edge detection cursor such that the edge
detection operation is performed only in areas selected or
otherwise indicated by the cursor. Functionality associated
with user interface sub-module 162 can be implemented
using any of'a wide variety of suitable user interface elements,
such as dialog boxes, control panels, display windows,
pointer elements, menu bars, toolbars, dropdown menus, and
context menus.

Still referring to the example embodiment illustrated in
FIG. 1, application user interface 160 also includes an edge
detection sub-module 164. Edge detection sub-module 164 is
configured to detect edges in a color image by analyzing
variations in multiple color channels which are used to char-
acterize the image. This can be accomplished, for example, by
merging gradients in multiple color channels to produce a
single edge snapping vector field from which edge locations
can be derived. In such embodiments edge detection sub-
module 164 generates edge data which can be used, for
example, to produce a new image that includes only the
detected edges, or which can form the basis for a subsequent
imaging operation. Examples of subsequent imaging opera-
tions which can leverage the edge data include operations
which apply a visual effect to the detected edges (such as a
smoothing, blurring, diffusing, or sharpening effect), and
operations which manipulate a localized portion of an image
defined by the detected edges (such as a localized visual effect
or a copy/cut operation). Additional details regarding the
operation of edge detection sub-module 164 will be described
in turn.

The subsequent imaging operations are optionally per-
formed by an image manipulation sub-module 166 which is
also included as part of application user interface 160. In
particular, image manipulation sub-module 166 is configured
to receive edge data generated by edge detection sub-module
164 and manipulate the appearance of the source image based
on such data. Image manipulation sub-module 166 is option-
ally capable of leveraging networked image processing ser-
vices 800, which is particularly useful in implementations
wherein application user interface 160 is implemented on a
computing device having limited processing capacity, such as
a tablet computer or a smartphone. This allows smaller, less
powerful devices to harness the processing capacity and func-
tionality associated with a larger computing system.

Referring still to the example embodiment illustrated in
FIG. 1, computer system 100 optionally includes local image
repository 170 which comprises one or more locally stored
images, as well as corresponding image metadata. In some
cases the image metadata includes edge data which defines
edges located within a corresponding image; such edge data
may be generated by edge detection sub-module 164. Local
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image repository 170 can be implemented using any suitable
type of digital storage, such as a USB drive, a memory card,
or a disc drive. In alternative embodiments computer system
100 is additionally or alternatively in communication with
networked image repository 900, which comprises one or
more remotely stored images and corresponding metadata. In
certain embodiments networked image repository 900 is
implemented in the form of cloud storage. In embodiments
wherein network 300 comprises a local network such as a
Bluetooth or Wi-Fi connection between computer system 100
and an imaging device such as a digital camera or a smart-
phone, networked image repository 900 comprises a memory
resource provided by the imaging device itself. In some
implementations application user interface 160 is configured
to access both local and networked image repositories to
identify images which are to be processed by edge detection
sub-module. Likewise, in such embodiments application user
interface 160 is further configured to store edge data gener-
ated by edge detection sub-module 164 as metadata associ-
ated with a given image in both local and networked image
repositories. It will be appreciated that, in general, the images
stored in the local and/or networked image repositories may
not necessarily be associated with the same user who is asso-
ciated with the source image, or who is otherwise interacting
with application user interface 160.

Computer system 100 can communicate with the various
networked services and resources described herein via net-
work 300. Network 300 may be a local area network (such as
a home-based or office network), a wide area network (such
as the Internet), a peer-to-peer network (such as a Bluetooth
connection), or a combination of such networks, whether
public, private, or both. For example, in certain embodiments
at least a portion of the functionality associated with network
300 is provided by a cellular data network, thereby making it
easier for users of smartphones and tablet computers to lever-
age networked resources. In general, communications
amongst the various entities and resources described herein
may occur via wired and/or wireless connections, such as
may be provided by Wi-Fi or mobile data networks. In some
cases access to resources on a given network or computing
system may require credentials such as a username and pass-
word, and/or may require compliance with any other suitable
security mechanism.

The embodiments described herein can be implemented in
various forms ofhardware, software, firmware, and/or special
purpose processors. For example, in one embodiment a non-
transitory computer readable medium has instructions
encoded thereon that, when executed by one or more proces-
sors, cause one or more of the edge detection methodologies
described herein to be implemented. The instructions can be
encoded using any suitable programming language, such as
C, C++, object-oriented C, JavaScript, Visual Basic .NET,
BASIC, or alternatively, using custom or proprietary instruc-
tion sets. Such instructions can be provided in the form of one
or more computer software applications and/or applets that
are tangibly embodied on a memory device, and that can be
executed by a computer having any suitable architecture. In
one embodiment the system can be hosted on a given website
and implemented, for example, using JavaScript or another
suitable browser-based technology.

The functionalities disclosed herein can optionally be
incorporated into a variety of different software applications,
such as image editing software applications, word processing
applications, desktop publishing applications, and presenta-
tion applications. For example, a word processing application
can be configured to manipulate digital images that are to be
incorporated into a word processing document. The word
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processing application can therefore be configured to imple-
ment certain of the functionalities disclosed herein to facili-
tate such image manipulation. The computer software appli-
cations disclosed herein may include a number of different
modules, sub-modules, or other components of distinct func-
tionality, and can provide information to, or receive informa-
tion from, still other components and services. These mod-
ules can be used, for example, to communicate with
peripheral hardware components 500, networked storage
resources such as networked image repository 900, or other
external components. More generally, other components and
functionality not reflected in the illustrations will be apparent
in light of this disclosure, and it will be appreciated that the
present disclosure is not intended to be limited to any particu-
lar hardware or software configuration. Thus in other embodi-
ments the components illustrated in FIG. 1 may comprise
additional, fewer, or alternative subcomponents.

The aforementioned non-transitory computer readable
medium may be any suitable medium for storing digital infor-
mation, such as a hard drive, a server, a flash memory, and/or
random access memory. In alternative embodiments, the
computers and/or modules disclosed herein can be imple-
mented with hardware, including gate level logic such as a
field-programmable gate array (FPGA), or alternatively, a
purpose-built semiconductor such as an application-specific
integrated circuit (ASIC). Still other embodiments may be
implemented with a microcontroller having a number of
input/output ports for receiving and outputting data, and a
number of embedded routines for carrying out the various
functionalities disclosed herein. It will be apparent that any
suitable combination of hardware, software, and/or firmware
can be used, and that the present disclosure is not intended to
be limited to any particular system architecture.

Methodology

FIG. 2 is a data flow diagram schematically illustrating
data flows in an example image manipulation technique that
includes detecting edges in a color image by analyzing varia-
tions in multiple color channels which are used to character-
ize the image. FIG. 3 is a flowchart schematically illustrating
an example of an edge detection method 1000 that includes
analyzing variations in multiple color channels which are
used to characterize a digital image. As can be seen, edge
detection method 1000 includes a number of phases and
sub-processes, the sequence of which may vary from one
embodiment to another. However, when considered in the
aggregate, these phases and sub-processes form a complete
edge detection technique that is responsive to user input in
accordance with certain of the embodiments disclosed herein.
Edge detection method 1000 can be implemented, for
example, using the system architecture illustrated in FIG. 1
and described herein. However, other system architectures
can be used in other embodiments, as will be apparent in light
of this disclosure. To this end, the correlation of the various
functionalities illustrated in FIG. 3 to the specific components
illustrated in FIG. 1 is not intended to imply any structural
and/or use limitations. Rather other embodiments may
include, for example, varying degrees of integration where
multiple functionalities are effectively performed by one sys-
tem or module. For example, in an alternative embodiment, a
single module can be used to provide edge detection and
image manipulation functionality. Thus other embodiments
may have fewer or more modules depending on the granular-
ity of implementation. Numerous variations and alternative
configurations will be apparent in light of this disclosure.

As illustrated in FIGS. 2 and 3, edge detection method
1000 can be understood as commencing upon receipt of a
source image 10. See reference numeral 1100 in FIG. 3. For
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instance, in certain embodiments user interface sub-module
162 is used to acquire source image 10 from local image
repository 170 or networked image repository 900. In appli-
cations where edge detection method 1000 is to be applied
selectively to a portion of an image (as opposed to globally to
an entire image), user interface sub-module 162 can be con-
figured to define the selection, for example based on motion
of a cursor or other pointing device. In one implementation,
receiving source image 10 may comprise opening source
image 10 in a digital image editing software application that
provides one or more implementations of the edge detection
functionality disclosed herein.

Regardless of how it is received, source image 10 can be
understood as comprising a plurality of different colors, with
edges existing at distinct boundaries between different colors.
While FIG. 2 illustrates an abstract source image that includes
a plurality of different colored circles on a colored back-
ground, in other embodiments edge detection method 1000
can be applied to different types of source images, including
color photographs. Source image 10 can be stored using any
of'a wide variety of standardized or proprietary file formats,
including compressed or uncompressed formats. For
instance, in certain embodiments the edge detection method-
ologies disclosed herein can be applied to digital images
saved using the JPEG, TIFF, GIF, BMP, PNG, PSD, or PSB
formats. However, these systems and methods can also be
used with other existing or subsequently developed file for-
mats in other embodiments. Moreover, regardless of the par-
ticular file format used to store source image 10, the various
colors that comprise source image 10 can be parametrically
defined according to a variety of different multidimensional
color models, examples of which include the aforementioned
RGB and LUV color models. In some cases source image 10
may comprise a multispectral image that includes image data
at frequencies outside the visible portion of the electromag-
netic spectrum. For example, in one implementation source
image 10 may include data in seven, ten, twelve, or more
spectral channels. Examples of such spectral channels that are
invisible to the human eye include infrared wavelengths of 0.7
um to greater than 10 um, classified as near infrared, middle
infrared, and far infrared.

Once source image 10 is received or otherwise defined,
edge detection sub-module 164 is configured to determine an
edge snapping vector field 50 for source image 10. See ref-
erence numeral 1200 in FIG. 3. Edge snapping vector field 50
comprises, for each pixel comprising source image 10, a
direction of maximum color difference 52 and a magnitude of
color difference 54 in that direction. If these color differences
are characterized in terms of color parameters that closely
correspond to human perception of color, edges detected
based on edge snapping vector field 50 will correspond to
edges that human vision perceives as forming an interface
between visually distinct colors. One example of color
parameters that closely correspond to human perception of
color are those parameters provided by the aforementioned
LUV color model. Once edge snapping vector field 50 is
determined, edge detection sub-module 164 is further config-
ured to detect edges in source image 10 based on an edge
snapping force field which is a derivative of edge snapping
vector field 50. See reference numeral 1400 in FIG. 3. The
edge snapping force field can be understood as pointing
toward opposite sides of a detected edge. Additional details
regarding the operations of edge detection sub-module 164
will be described in turn.
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FIG. 4 is a flowchart schematically illustrating an example
technique for locating a detected edge based on a three-
dimensional color vector that is used to characterize the col-
ors that comprise source image 10. This technique can be
performed by edge detection sub-module 164, and corre-
sponds to one example implementation of the operations
represented by reference numerals 1200 and 1400 in FIG. 3.
As noted above, this technique commences with characteriz-
ing source image 10 in terms of a color vector C(x). See
reference numeral 1210 in FIG. 4. Color vector C(x) can be
defined in terms of three color parameters at position x in
source image 10, where C(x) is within a three dimensional
color space and x is defined in terms of two real spatial
coordinates. For example, in an implementation wherein the
colors comprising source image 10 are defined using the LUV
color model,

L{x)
u(x)

v(x)

®

Cx) = eR3

and

ler? @

X=

To establish a direction and magnitude of maximum color
change in source image 10, consider two positions in source
image 10. The first position is at an arbitrary position x. The
second position is at a nearby position (x+hr), that is, at a
distance h from x along direction r, wherein r is a unit vector
having magnitude ||||=1. The amount of color difference that
a human perceives between the first and second positions,
expressed in terms of the LUV color model used to represent
C(x), is therefore || C(x+hr)—C(x)||. The rate of color change in
direction r is thus provided by

ac

Clx + hr) — Clx)
= 557

h

. 3
lim
10

Thus the norm of the directional vector derivative provided in
Equation (3) corresponds to the strength of a given edge that
ahuman will perceive in the direction r. The most visible edge
is perpendicular to r so as to maximize this derivative. The
unit vector r therefore has a direction corresponding to the
maximum color difference in LUV color space.

Itis possible to formulate the direction r using the Jacobian
J. At the outset, it should be noted that

aL
ay
du
ay
v
ay

@)

R 3x2’

which represents the magnitude of the spatial change in color
vector C(x) along direction r. Thus r can be expressed as
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®

ac |?

er

ac

Clx + hr) — C(x)
Bx

i 7

=1

] = argmax]|
=1

r= arg;max]lJrll2 = argmax(rTJTJr).
- -

r|| = argmax|
r

©

The matrix J7J is a symmetric 2x2 matrix, and thus it is
possible to determine the eigendecomposition of this matrix
analytically. In particular, the eigendecomposition of J*7 is
the factorization VAVZ, where

V=[NN;] @]

and

A 0 8
A:[l } (8)
0 2

It can be assumed that A,=h,=0 without loss of generality.
Since J7Jis symmetric, [N ||=|[N,|I=1 and N, ‘N,=0. Therefore

)

NT - -
= LN NT +2,N,NT.
NT

A0
JTI=vAvT =[N, Nz][ ! }
0 A

In this case N, is the eigenvector associated with the largest
eigenvalue A, . This provides the directional aspect of the edge
snapping vector field. This is because N,=r based on the
following:

P Tr=rT (NN T 0NN, Dy (10)

rTJTJr:herNlNlTr+7u2rTN2N2Tr:hl(r-N1)2+7»2(r-N2)

2, an
Since |If|HIN,|HIN,|F1 and N,'N,=0, let 6 be the angle
between r and N, . Then

LI =N cos?0+), sin?0=\ cos?0+A,(1-cos?0) (12)

T Tr=(h~hy)c0s20+ My (13)

Because Ay =A,, 7 JTJr< () —4;) + A, =2, when 14
0 =0, and therefore r = argmax(rTJTJr) =Nj.

r

This establishes that

ac (15)
|75

=V

is the maximum edge strength when r=N, . In this case, let o, =
V&,, which corresponds to the maximum edge strength,
which is determined based on the eigendecomposition of J7T.
See reference numeral 1220 in FIG. 4.

Based on the foregoing, it is now possible to define an edge
snapping force field. The edge snapping force is an attracting
force toward maximum edge strength locations, and has no
force where the edge strength is at a maximum. The direction
of the edge snapping force field is perpendicular to the edge,
and thus has the same direction as r=N . The edge snapping
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force field can therefore be understood as always being
directed toward a detected edge. Thus the edge snapping force
field can be obtained by taking the derivative of o, along the
direction N, . See reference numeral 1410 in FIG. 4. Thus the
edge snapping force field is defined by

a

dx

ac
dx

ao (16)
NNy = B_XI -NL.

This represents the derivative of the rate of color change along
the vector N, which corresponds to the rate of change in 0,
the maximum edge strength. FIG. 5 is a schematic illustration
of'a detected edge 24 having a region of increasing o, on one
side of the edge (see reference numeral 26,,,.), a region of
decreasing o,on the opposite side of the edge (see reference
numeral 26,,.), and a point of maximum o, occurring at the
detected edge itself (see reference numeral 26, ). The edge
snapping force field is therefore positive if the strength is
increasing along N, and is negative if the strength is decreas-
ing along N,. The edge snapping force is thus given by

(% -NI)NI. an

This quantity can be understood as representing a velocity
toward detected edge 24, at which point the rate of color
change (or alternatively, the velocity toward the detected
edge) becomes zero. Thus,

ac . doy (18)
It H—N1 increases along Ny, then —— -N; >0,
ax ax
and
ac doy (19
If H—N1 decreases along Ny, then —— -N; < 0.
dx dx

The detected edge is therefore located at the point where the
edge snapping force field is zero. See reference numeral 1420
in FIG. 4. The edge snapping force field can be used to solve
edge-based level set segmentation problems for which error
metrics, such as a squared sum, cannot be used directly.
Because the edge snapping force filed is calculated on the
basis of the three-dimensional color vector C(X), the result is
a segmentation that more closely corresponds to human per-
ception of color.

Referring again to FIGS. 2 and 3, edge detection sub-
module 164 can be understood as producing edge data 22 that
defines the locations of detected edges 24 in source image 10.
In one implementation, edge data 22 can be used to generate
a processed image 20 that consists essentially of detected
edges 24, which can be displayed by user interface sub-
module 162. See reference numeral 1500 in FIG. 3. Each
detected edge is optionally associated with edge strength o,
which may be indicated using different colors or other visual
indicia in processed image 20. For example, relatively weak
edges can be represented by one color (for example, light
grey), while relatively strong edges are represented by
another color (for example, black).

In an alternative embodiment, edge data 22 and/or pro-
cessed image 20 are provided to an image manipulation
method 2000 that is configured to generate a manipulated
image 30 based on edge data 22. For example, in some cases
image manipulation sub-module 166 can be used to manipu-
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late source image 10 so as to produce manipulated image 30.
See reference numeral 1600 in FIG. 3. In certain implemen-
tations manipulated image 30 comprises a globally manipu-
lated image 32, for example wherein a visual effect is applied
to detected edges 24 across the entire image. In other imple-
mentations manipulated image 30 comprises a locally
manipulated image 34, for example wherein one or more
detected edges 24 are used to define a sub-region of source
image 10 where a visual effect is to be applied locally, or
where a copy/paste operation is to be performed. It will be
appreciated that a wide range of different manipulations can
be performed based on edge data 22, and thus the present
disclosure should not be understood as being limited to appli-
cation of a particular image manipulation, if any.

FIG. 6A is an example source image 10 having edges
which can be detected using certain of the embodiments
disclosed herein. Source image 10 comprises a plurality of
different colors, with edges existing at distinct boundaries
between different colors. Edge strength can be understood as
ameasure of how distinct a particular boundary appears to the
human eye. The various colors that comprise source image 10
can be parametrically defined according to a variety of dif-
ferent multidimensional color models, examples of which
include the aforementioned RGB and LUV color models.
FIG. 6B illustrates detected edges 24 in the source image 10
using an existing edge detection process that relies on a grey-
scale color conversion. Such a conversion causes certain
edges to weaken significantly, or worse, to disappear alto-
gether. This is evident in FIG. 6B where the girl’s leg is barely
visible as a result of the edge between the foreground leg and
the background grass not being reliably detected. FIG. 6C
illustrates detected edges 24 in the source image of FIG. 6A
using an example image manipulation technique that ana-
lyzes variations in multiple color channels which are used to
characterize the image. Once example of such a technique is
that illustrated in FIG. 4. As can be seen by comparing the
detected edges in FIGS. 6B and 6C, analyzing variations in
multiple color channels results in a more reliable edge detec-
tion. For instance, in FIG. 6C the edge between the fore-
ground leg and the background grass was detected as a strong
edge, and thus is clearly visible. This is a significantly
improved result as compared to the result illustrated in FIG.
6B.

The techniques disclosed herein can be applied to a multi-
spectral image that includes, for example, image data at fre-
quencies outside the visible portion of the electromagnetic
spectrum. In this case the multispectral color vector C'(x) is
defined as

Ci) (20)
™ = CZ.(X) cR®.
Cax)
In this case, the multispectral Jacobian J' is defined as
ac; aC 2n
9x oy
, AC, 0C,
’:BC: 8x 9y e R™2,
ax .
ac, ac,
dx  dy
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which means that matrix I'/J' is still a symmetric 2x2 matrix.
Thus techniques disclosed herein can also be applied to a
multispectral image having more than three channels.

CONCLUSION

Numerous variations and configurations will be apparent
in light of this disclosure. For instance one example embodi-
ment provides a computer-implemented method for detecting
edges in a digital image. The method comprises receiving a
source image. The source image is a multicolor digital image
that comprises a plurality of pixels. Each one of the plurality
of pixels has a color. The method further comprises charac-
terizing each of the plurality of pixels in terms of three color
parameters that define the color of the pixel. The method
further comprises determining an edge snapping vector field
for the source image based on the three color parameters. The
edge snapping vector field comprises a direction of maximum
color difference and a magnitude of color difference in the
direction. The method further comprises locating an edge in
the source image based on the edge snapping vector field. The
edge passes through a point where the magnitude of color
difference is greater than it is at neighboring points. In some
cases the method further comprises performing an image
manipulation process that modifies a visual appearance of the
located edge in the source image. In some cases (a) the three
color parameters are defined according to an LUV color
model, and are represented by (L, u, v); (b) a color vector C(x)
defines the three color parameters at a pixel located at position
x=(x,y) in the source image; and (c) the edge snapping vector
field is determined based on an eigendecomposition of J7J,
wherein J is provided by Equation (4). In some cases charac-
terizing each of the plurality of pixels in terms of the three
color parameters that define the color of the pixel comprises
storing a plurality of received color parameters in a memory
device. In some cases (a) the source image forms a selected
portion a larger digital image; and (b) the source image is
defined based on user input that identifies the selected por-
tion. In some cases the source image is a digital photograph.
In some cases the three color parameters are defined accord-
ing to an LUV color model. In some cases determining the
edge snapping vector field does not include converting the
multicolor digital image into a greyscale image. In some
cases the edge is oriented perpendicular to the direction of
maximum color difference.

Another example embodiment provides an digital image
edge detection system that comprises a processor. The system
further comprises a memory. The system further comprises a
user interface module configured to receive a source image
and display edge data associated with the source image. The
source image is a multicolor digital image that comprises a
plurality of pixels. Each one of the plurality of pixels has a
color that is defined in terms of three color parameters. The
system further comprises an edge detection module config-
ured to generate the edge data. The edge data establishes a
location of a detected edge in the source image. The edge
detection module uses the processor to determine an edge
snapping vector field for the source image based on the three
color parameters. The location of the detected edge is based
ona pixel in the edge snapping vector field where a magnitude
of color difference is greater than it is at neighboring pixels.
At least one of the user interface module and the edge detec-
tion module are further configured to store the edge data in the
memory. In some cases the edge data stored in the memory
includes metadata that defines an edge strength of the
detected edge, the edge strength corresponding to the magni-
tude of color difference at the location of the detected edge. In
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some cases (a) the three color parameters are defined accord-
ing to an LUV color model, and are represented by (L, u, v);
(b) a color vector C(x) defines the three color parameters at a
pixel located at position x=(x,y) in the source image; and (c)
the edge snapping vector field is determined based on an
eigendecomposition of 7], wherein J is provided by Equation
(4). In some cases the system further comprises an image
manipulation module configured to manipulate an appear-
ance of the source image by applying a visual effect to the
location of the detected edge in the source image. In some
cases the edge detection module is further configured to
derive an edge snapping force field from the edge snapping
vector field, the edge snapping force field pointing toward
opposite sides of the detected edge. In some cases the source
image is not converted to a greyscale image as a part of
generating the edge data. In some cases (a) the edge detection
module is further configured to generate a color vector field
that defines the three color parameters at each of the plurality
of pixels; and (b) the three color parameters are defined
according to an LUV color model.

Another example embodiment provides a computer pro-
gram product encoded with instructions that, when executed
by one or more processors, causes an edge detection process
to be carried out. The edge detection process comprises
receiving a source image. The source image is a multicolor
digital image that comprises a plurality of pixels, each one of
the plurality of pixels having a color. The process further
comprises characterizing each of the plurality of pixels in
terms of three color parameters that define the color of the
pixel. The process further comprises determining an edge
snapping vector field for the source image based on the three
color parameters. The edge snapping vector field comprises a
direction of maximum color difference and a magnitude of
color difference in the direction. The process further com-
prises locating an edge in the source image based on the edge
snapping vector field. The edge is located at a point where the
magnitude of color difference is greater than it is at neighbor-
ing points. In some cases locating the edge further comprises
(a) deriving an edge snapping force field from a rate of change
of'the maximum color difference along the direction of maxi-
mum color difference; and (b) determining a location where
the edge snapping force field is zero. In some cases the edge
detection process further comprises (a) generating edge data
characterizing the point where the magnitude of color difter-
ence is greater than it is at neighboring points; and (b) saving
the edge data as metadata that further characterizes an edge
strength at the point, wherein the edge strength at a particular
location corresponds to the magnitude of color difference
perpendicular to the edge at the particular location. In some
cases determining the edge snapping vector field based on the
three color parameters does not include converting the mul-
ticolor digital image into a greyscale image.

The foregoing detailed description has been presented for
the purposes of illustration and description. It is not intended
to be exhaustive or to limit the invention to the particular
disclosed embodiments. Many modifications and variations
are possible in light of this disclosure. Thus it is intended that
the scope of the invention be limited not be this detailed
description, but rather by the claims appended hereto.

What is claimed is:

1. A computer-implemented method for detecting edges in
a multicolor digital image, the method comprising:

receiving a source image, wherein the source image is a

multicolor digital image that comprises a plurality of
pixels, each one of the plurality of pixels having a color;
characterizing each of the plurality of pixels in terms of
three color parameters that define the color of the pixel;
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determining an edge snapping vector field for the source
image based on the three color parameters, the edge
snapping vector field comprising a direction of maxi-
mum color difference and a magnitude of color differ-
ence in the direction; and

locating an edge in the source image based on the edge

snapping vector field, wherein the edge passes through a
point where the magnitude of color difference is greater
than it is at neighboring points.

2. The computer-implemented method of claim 1, further
comprising performing an image manipulation process that
modifies a visual appearance of the located edge in the source
image.

3. The computer-implemented method of claim 1, wherein:

the three color parameters are defined according toan LUV

color model, and are represented by (L, u, v);
a color vector C(x) defines the three color parameters at a
pixel located at position x=(x,y) in the source image; and
the edge snapping vector field is determined based on an
eigendecomposition of J7J,

aL
dx
du
ax
v
dx

aL
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du
E .
v
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4. The computer-implemented method of claim 1, wherein
characterizing each of the plurality of pixels in terms of the
three color parameters that define the color of the pixel com-
prises storing a plurality of received color parameters in a
memory device.

5. The computer-implemented method of claim 1, wherein:

the source image forms a selected portion a larger digital
image; and

the source image is defined based on user input that iden-
tifies the selected portion.

6. The computer-implemented method of claim 1, wherein

the source image is a digital photograph.

7. The computer-implemented method of claim 1, wherein
the three color parameters are defined according to an LUV
color model.

8. The computer-implemented method of claim 1, wherein
determining the edge snapping vector field does not include
converting the multicolor digital image into a greyscale
image.

9. The computer-implemented method of claim 1, wherein
the edge is oriented perpendicular to the direction of maxi-
mum color difference.

10. An edge detection system comprising:

a processor;

a memory;

a user interface module configured to receive a source
image and display edge data associated with the source
image, wherein the source image is a multicolor digital
image that comprises a plurality of pixels, each one of
the plurality of pixels having a color that is defined in
terms of three color parameters; and

an edge detection module configured to generate the edge
data, wherein the edge data establishes a location of a
detected edge in the source image, wherein the edge
detection module uses the processor to determine an
edge snapping vector field for the source image based on
the three color parameters, and wherein the location of
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the detected edge is based on a pixel in the edge snapping
vector field where a magnitude of color difference is
greater than it is at neighboring pixels;

wherein at least one of the user interface module and the

edge detection module are further configured to store the
edge data in the memory.

11. The edge detection system of claim 10, wherein the
edge data stored in the memory includes metadata that defines
an edge strength of the detected edge, the edge strength cor-
responding to the magnitude of color difference at the loca-
tion of the detected edge.

12. The edge detection system of claim 10, wherein:

the three color parameters are defined according to an LUV

color model, and are represented by (L, u, v);
a color vector C(x) defines the three color parameters at a
pixel located at position x=(x,y) in the source image; and
the edge snapping vector field is determined based on an
eigendecomposition of J7J,

aL
dx
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13. The edge detection system of claim 10, further com-
prising an image manipulation module configured to manipu-
late an appearance of the source image by applying a visual
effect to the location of the detected edge in the source image.

14. The edge detection system of claim 10, wherein the
edge detection module is further configured to derive an edge
snapping force field from the edge snapping vector field, the
edge snapping force field pointing toward opposite sides of
the detected edge.

15. The edge detection system of claim 10, wherein the
source image is not converted to a greyscale image as a part of
generating the edge data.

16. The edge detection system of claim 10, wherein:

the edge detection module is further configured to generate

a color vector field that defines the three color param-
eters at each of the plurality of pixels; and
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the three color parameters are defined according toan LUV

color model.
17. A non-transitory computer readable medium having
instructions encoded thereon that, when executed by one or
more processors, causes an edge detection process to be car-
ried out, the edge detection process comprising:
receiving a source image, wherein the source image mul-
ticolor digital image that comprises a plurality of pixels,
each one of the plurality of pixels having a color;

characterizing each of the plurality of pixels in terms of
three color parameters that define the color of the pixel;

determining an edge snapping vector field for the source
image based on the three color parameters, the edge
snapping vector field comprising a direction of maxi-
mum color difference and a magnitude of color differ-
ence in the direction; and

locating an edge in the source image based on the edge

snapping vector field, wherein the edge is located at a
point where the magnitude of color difference is greater
than it is at neighboring points.

18. The non-transitory computer readable medium of claim
17, wherein locating the edge further comprises:

deriving an edge snapping force field from a rate of change

of the maximum color difference along the direction of
maximum color difference; and

determining a location where the edge snapping force field

is zero.

19. The non-transitory computer readable medium of claim
17, wherein the edge detection process further comprises:

generating edge data characterizing the point where the

magnitude of color difference is greater than it is at
neighboring points; and

saving the edge data as metadata that further characterizes

an edge strength at the point, wherein the edge strength
at a particular location corresponds to the magnitude of
color difference perpendicular to the edge at the particu-
lar location.

20. The non-transitory computer readable medium of claim
17, wherein determining the edge snapping vector field based
on the three color parameters does not include converting the
multicolor digital image into a greyscale image.

#* #* #* #* #*
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